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Abstract

The research objective was to create a prediction model of the TOEIC test results for students at the Faculty
of Liberal Arts whose test scores were 500 or higher. Data were collected from 205 students from the Faculty of
Liberal Arts, Rangsit University. In order to create this prediction model, the data mining techniques (Decision Tree,
Naive-Bayes and k- nearest neighbors) were applied. After comparing the effectiveness of each model, the finding
revealed that the most effective and precise model for prediction was k-nearest neighbor. The validation average was

at 98.86 percent.

Keywords: TOEIC, Data mining, Decision Tree, Naive-Bayes, k-nearest neighbors.
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