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A Study of Factors Affecting Quality Assurance Evaluation Scores of the Department of

Learning Support, Rangsit University, through the Use of Data Mining Techniques
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Abstract
The purposes of this study were to study factors affecting the score of quality assessment in Department of
Learning Support, Rangsit University, and to compare algorithm simulators’ effectiveness performed by different

data mining techniques including Multiple Regression, Artification Neural Network, Decision Trees, Naive Bayes
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and Support Vector Machine, which were used to study factors affecting the annual quality assurance scores gained
from 2012 to 2014. The WEKA3.8 was performed to test the comparison. The findings showed that there were 5
indicators as the criteria of the assessment, and the most effective indicator was the third, Administration and
Management. In comparison, the Artification Neural Network was found to perform the best with an accuracy value

0f 97.3% and a mean absolute error value of 0.024.

Keywords: Data Mining, Multiple Regression, Artification Neural Network, Decision Trees, Naive Bayes, Support Vedtor Machine,

Accuracy, Mean Absolute Error
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