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Water Level Estimation Using Heuristic Algorithm : A Case Study in Hat Yai District,
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Abstract

The objective of this study is to present a water level estimation using a heuristic algorithm. Heuristic
algorithm is a solving problem concept using common senses and human experiences. Fuzzy logic modeling was
used to estimate water levels at Ban Bang Sala telemetry stations (X.90), U-Tapao canal, Songkhla province. The
relationship of water levels at Ban Maung Kong telemetry stations (X.173A), rainfall in Ban Bang Sala telemetry
station (X.90) area, and water released from Khlong Cham Rai reservoir and Khlong La reservoir were investigated.
The information obtained was used to create 2fuzzy logic models which forecast the water levels of flood situation
occurred in Hat Yai area in 2011. Moreover, Root Mean Square Error (RMSE), Mean Absolute Percentage Error
(MAPE), and Mean Absolute Deviation (MAD) were used to qualify the models. The results showed that the first
fuzzy logic model gives 0.34 RMSE, 12.44 MAPE, and 0.45 MAD, while the second fuzzy logic model gives 0.38

RMSE, 13.18 MAPE, and 0.47 MAD. The fuzzy model can give good result up to lead time of 12 hours.

Keywords: flood, fuzzy logic, heuristic algorithm
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